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Abstract
Phytophthora root rot caused by Phytophthora nicotianae is an economically important dis-
ease in pepper crops. The use of suppressive composts is a low environmental impact
method for its control. Although attempts have been made to reveal the relationship
between microbiota and compost suppressiveness, little is known about the microorgan-
isms associated with disease suppression. Here, an Ion Torrent platform was used to
assess the microbial composition of composts made of different agro-industrial waste and
with different levels of suppressiveness against P. nicotianae. Both bacterial and fungal
populations responded differently depending on the chemical heterogeneity of materials
used during the composting process. High proportions (67–75%) of vineyard pruning waste
were used in the most suppressive composts, COM-A and COM-B. This material may have
promoted the presence of higher relative abundance of Ascomycota as well as higher
microbial activity, which have proved to be essential for controlling the disease. Although no
unique fungi or bacteria have been detected in neither suppressive nor conducive com-
posts, relatively high abundance of Fusarium and Zopfiella were found in compost COM-B
and COM-A, respectively. To the best of our knowledge, this is the first work that studies
compost metabolome. Surprisingly, composts and peat clustered together in principal com-
ponent analysis of the metabolic data according to their levels of suppressiveness
achieved. This study demonstrated the need for combining the information provided by dif-
ferent techniques, including metagenomics and metametabolomics, to better understand
the ability of compost to control plant diseases.
Introduction
Phytophthora nicotianae van Breda de Haan (= Phytophthora parasitica Dastur (1896)) stands
out among plant pathogens since it is a threat to plant productivity on a global scale for a broad
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range of hosts [1]. The host range of P. nicotianae includes 255 plant genera in 90 families [2].
In Spain and Tunisia, P. nicotianae causes root- and collar- rot in pepper plants (Capsicum
annuum L.) and has become a major disease during the last years [3–5]. Management of this
disease is based on soil fumigation using compounds such as methyl bromide, 1,3-dichloropro-
pene, chloropicrin, metalaxyl and mefenoxam [6]. The banned use of most of these products
and their inability to totally control the disease, have prompted the exploration and identifica-
tion of new approaches.
The use of compost made of agro-industrial waste and by-products is a promising alterna-
tive. These composts are not only free of xenobiotics and excessive content of heavy metals but
also, they have been proven to suppress a wide variety of soil-borne plant pathogens [7–9].
Suppressive composts are examples of natural biological control of diseases as the result of a
three-way interaction between the microorganisms in the compost (composition, diversity and
function), plant pathogen, and plant [10]. The extant microbiota of composts has shown to be
the main factor responsible for suppressiveness [11,12]. In particular, suppressive effects
against Phytophthora spp. have been related to the ability of composts to maintain a high
microbial activity [7]. Nevertheless, the mechanisms of suppression of these oomycetes have
not been unraveled.
Compost microbiota highly depends on the materials used during the composting process.
The quality of compost organic matter is important with respect to the efficacy of the suppres-
sion and the regulation and maintenance of microbial communities in composts [13]. Shifts in
the chemical composition of compost organic matter have been previously characterized by
13C- Nuclear Magnetic Resonance (13C-NMR) spectroscopy [14]. However, its ecological sig-
nificance should be elucidated in relation to the microbial communities inhabiting the organic
matter [15], which can be studied through molecular analysis—such as fingerprinting tech-
niques and sequencing methods [16–18]. High-throughput sequencing (e.g. Illumina or Ion
Torrent) is a powerful alternative for the identification at a greater depth of the microbial com-
munity composition and diversity. Among the studies regarding the metagenomics of compost
[19–22], only Yu et al. [22] investigated the connections between the microbial communities
and the disease suppression ability of compost against Pythium ultimum.
It should be noted that genomic information itself is not enough for understanding the bio-
logical processes that take place within compost. In the attempt to fully describe the compost
microbiome, metabolomics have emerged as a functional approach that provides insights into
the metabolic activities engaged by whole communities of microorganisms [23]. Several studies
pointed out the central role played by metabolites in cellular activities and the mileage that
could be gained by monitoring at the level of the metabolome [24]. Metabolites (low-molecu-
lar-weight compounds such as amino acids, sugars, and lipids) play significant roles in the
microbial regulation of the central and secondary metabolism. Not only can they contribute to
external signals as indicators of the environmental conditions or by sensing such signals, but
also they vary in response to a variety of stimuli (e.g. nutritional deficit, external stressors, or
disease) [25]. Currently, the implementation of metabolomics for environmental monitoring is
still at an early stage, mostly applied as a screening tool to assess the potential toxic effect of
pollutants [26].
We hypothesize that suppressive composts will contain more similar microbial communi-
ties among them compared to non-suppressive composts, and will depend on the quantity and
state of the organic matter in each compost. Based on this, the specific objectives of this study
were (i) to study the in vivo ability of four agro-industrial waste-based composts to control P.
nicotianae in pepper plants, (ii) to compare the chemical heterogeneity of organic matter pres-
ent in the different composts, and (iii) to characterize and compare the microbial composition
and metametabolome of suppressive and non-suppressive composts.
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Methods
The composts assayed and their analysis
Four agro-industrial composts were made from different wastes (expressed as dry weight) as
follows: Compost A (COM-A): pepper sludge (125 g kg-1), pepper wastes (125 g kg-1), and
vineyard pruning wastes (750 g kg-1); Compost B (COM-B): pepper wastes (160 g kg-1), arti-
choke wastes (160 g kg-1), and vineyard pruning wastes (680 g kg-1); Compost C (COM-C):
pepper sludge (190 g kg-1), pepper wastes (20 g kg-1), garlic wastes (20 g kg-1), carrot wastes
(350 g kg-1), almond shells (40 g kg-1), and vineyard pruning wastes (380 g kg-1); Compost D
(COM-D): artichoke sludge (150 g kg-1), artichoke wastes (264 g kg-1), vineyard pruning wastes
(500 g kg-1), and compost (86 g kg-1).
The composts were produced in open-air piles of 200 kg, the bio-oxidative phase lasting 75
days and maturation 42 days. The moisture content was initially set at 40–50% and was main-
tained by watering. The piles were turned periodically to ensure aeration, and the temperature
evolution was monitored periodically (data not shown). Once the composting process was fin-
ished, the composts were milled and passed through a 1-cm sieve. Three samples of each com-
post pile were taken by mixing nine sub-samples from random sites within each pile. The
samples were stored at -20°C and 4°C for subsequent analysis.
Different physical-chemical, chemical, and biological characteristics of the composts and
peat were measured. The pH and electrical conductivity (EC) of the composts and peat were
measured in a 1:10 (w/v) water-soluble extract, in a conductivity meter and pH meter, respec-
tively. The total organic carbon (TOC) and nitrogen were measured with an Elemental Ana-
lyzer (LECO TruSpec C/N) and nutrients by ICP-OES (ICAP 6500 DUO). Dehydrogenase
activity was measured by the method of Garcia et al. [27].
Organic matter analysis by 13C-NMR
The organic matter composition of the four composts and one peat was estimated by spectral
intensity integration over regions with chemical shift characteristics of different organic carbon
functional groups. The CPMAS 13C-NMR experiments were performed in a Bruker Advance
DRX500, operating at 125.75 MHz for 13C. The samples were packed into a 4–mm-diameter
cylindrical zirconia rotor with Kel-F end-caps and spun at 10000 ± 100 Hz. A conventional
CPMAS pulse sequence [28] was used, with a 1.0-ms contact time. Between 2000 and 5000
scans were accumulated, with a pulse delay of 1.5 s. The line broadening was adjusted to 50 Hz.
Spectral distributions (the distribution of total signal intensity among various chemical shift
ranges) were calculated by integrating the signal intensity, expressed as a percentage, in five
chemical shift regions: 0–45 (aliphatic structures), 45–60 (methoxy groups), 60–110 (polysac-
charides structures region), 110–160 (aromatic structures), and 160–210 (carboxyl, carbonyl,
amide C) [29]. The alkyl/O-alkyl ratio was also calculated [14].
DNA extraction, sequencing, and analysis
Total DNA was extracted using the FastDNA1 Spin Kit for soil (Q-Biogene, Carlsbad, CA,
USA), following the manufacturer´s instructions. The DNA concentrations of the samples
were determined using a NanoDrop1ND-1000 Spectrophotometer (Thermo Fisher Scientific
Inc., DE, USA); the samples were then stored at -20°C until required. For the molecular analy-
sis of bacterial communities, the 16S rRNA gene was amplified using primer pairs 8F/120R,
F388/R534, F968/R1073 and 8F/R361 [30, 31] and for the fungal community, the ITS1 and
ITS2 regions of the fungal rRNA gene were amplified using the ITS5/ITS2 and ITS3/ITS4
primer pairs [32]. Each sample was amplified in triplicate; the amplicons were purified using
Omics Approaches and Phytophthora Root Rot Control by Composts
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the QIAquick PCR Purification Kit (Qiagen, Hilden, Germany) and composited together at
equimolar concentration prior to sequencing. For PCR amplification, each 25-μL PCR mix
contained the following reagents: 1X KAPA2G Fast HotStart ReadyMix2 (2X) (Kapa Biosys-
tems, Boston, MA, USA), 1.5 mMMgCl2, 0.5 μM of each primer, and 5 μL of DNA.
The PCR with primers 8F/120R, F968/R1073 and 8F/R361 was performed using the fol-
lowing conditions as follows: 15 cycles of denaturation at 90°C for 30 s, amplification with a
temperature gradient of 70°C−50°C for 30 s, and a final extension of 72°C for 30 s. Addition-
ally, samples were held for 30 cycles of denaturation at 94°C for 45 s, amplification at 50°C
for 45 s, and a final extension of 72°C for 45 s. The PCRs for primer pair F388/R534 and the
ITS region had an initial denaturation step at 95°C for 3 min, followed by 25–40 cycles of
denaturation at 95°C for 15 s, amplification at 60°C for 15 s, extension at 72°C for 15 s, and a
final extension of 72°C for 1 min.
A library was created using the Ion Plus Fragment Library Kit, and barcodes were added by
the Ion Xpress™ Barcode Adapters 1–96 Kit. The template preparation was performed with the
Ion OneTouch™ 2 System and the Ion PGM™ Template Kit OT2 400. Finally, the platform
sequenced the samples using Ion Torrent PGM (Life Technologies, Carlsbad, CA, USA) with
the Sequencing Kit Ion PGM 400, in chips Ion 318 Chip kit and Ion 314 Chip kit.
The data analysis was performed using the software packages QIIME v1.8.0. and USEARCH
v7.0.1090. Sequences shorter than 60 bp and/or Q mean quality scores below 25 were removed.
Primers and barcodes were removed and a chimera filter was used. The remaining high quality
sequences were grouped in operational taxonomic units (OTUs), following the Open Reference
method: sequences were clustered against the GreenGenes v13_8, for the bacterial community,
and against UNITE/QIIME 12_11 ITS, for the fungal community, using the unclustmethod
with 97% similarity. Sequences not matching the database were subsequently clustered de
novo. A representative set of OTUs was generated and then the taxonomy of each of the OTUs
was assigned using the same database. The sequences have been deposited in NCBI under Bio-
Project PRJNA283180.
Shannon diversity was used to estimate diversity of bacterial and fungal communities as
indicated by Neher et al. [19]. Shannon diversity was calculated as H´ = -S(pi ln pi) where p
represents the proportion of taxon i in the community.
Metabolite extraction and analysis
Metabolite extraction was performed by water extraction (1:10 w/v, compost to deionized
water) of six replicates of the composts and peat. The mixtures were shaken for two hours,
after which the supernatant was passed through a 0.2-μm filter. The supernatant was analyzed
using an Agilent 1290 Infinity UPLC system coupled to a 6550 Accurate Mass quadrupole
TOF mass spectrometer (Agilent Technologies, Waldbronn, Germany) using an electrospray
interface with jet stream technology. Separation was achieved on a reverse phase Poroshell
120 EC-C18 column (3X100 mm, 2.7 μm: Agilent) operating at 30°C. The mobile phases were
water:formic acid (99.9:0.1 v/v; phase A) and acetonitrile:formic acid (99.9:0.1 v/v; phase B).
An isocratic flow of 95% phase A and 5% phase B was maintained for 3 min. The flow rate
was set constant at 0.4 mL/min and the injection volume was 3 μL. The optimal conditions of
the electrospray interface were as follows: gas temperature 280°C, drying gas 9 L/min, neb-
ulizer 45 psi, sheath gas temperature 400°C, sheath gas flow 12 L/min. Spectra were acquired
in single MS mode with an m/z range of 100–1100, negative polarity, and an acquisition rate
of 1.5 spectra/s. Internal mass calibration, by simultaneous acquisition of reference ions and
mass drift compensation, was used to obtain low mass errors. Data were processed using the
Mass Hunter Qualitative Analysis Software (version B.06.00, Agilent Technologies). After
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analysis of the data obtained from the metabolic, a peak grouping was carried out, following a
script, by R software.
Suppressiveness bioassay
The pathogenic strain CC2 of P. nicotianae (accession number KJ000327) previously isolated
from pepper plants with disease symptoms was used in this study [4]. The inoculum of P. nico-
tianae was produced by transferring one agar plug (5 mm) of 7-day-old mycelia on pea agar
medium (100 g L-1 ground peas, 100 mg L-1 β-sitosterol, and 20 g L-1 technical agar, adjusted
to pH 5.5), autoclaved at 121°C for 20 min and amended with 100 mg L-1 sterilized streptomy-
cin. The culture was maintained at 28°C for 7 days. The mycelia were recovered from the con-
tent of two Petri dishes and mixed with 100 mL of sterile distilled water, using a blender.
Composts were mixed with a commercial peat (50/50 v/v) to obtain different treatments:
TCOM-A, TCOM-B, TCOM-C, TCOM-D, and TPeat (100% peat, as a control). Seeds of pep-
per (Capsicum annuum cv. Lamuyo) were sown in trays of 150 pots, with one seed per pot and
a covering of vermiculite. Six replicates of each treatment were established randomly, each rep-
licate consisting of 10 seeds. Germination was carried out in a germination chamber at
28 ± 1°C. Once the seeds had germinated, the trays were placed in a growth chamber under
daylight conditions. Four replicates of each treatment were inoculated with 2 mL of P. nicotia-
nae (~103 cfu g-1 substrate) after the first true leaf appeared. The suppressive effect of the differ-
ent treatments was determined by measuring the disease incidence (number of diseased plants)
23 days after inoculation.
Statistical analysis
The physical, physical-chemical, and biological characteristics of the composts and peat, as
well as the results from the suppressiveness bioassay, were subjected to one-way analysis of var-
iance (ANOVA). When the F-statistic was significant, Tukey’s post hoc test (p 0.05) was used
to separate means. Pearson correlations were made between all data. The statistical analyses
were performed using SPSS 19.0 software (SPSS Inc., Chicago, IL, USA).
Statistical analysis of metabolite data was carried out with Metaboanalysis 2.5 software. A
multi-variant analysis of mass compounds by principal component analysis was used. For heat-
map clustering of samples and mass compounds, the squared Euclidean distance and ward
linkage were utilized.
Results
Physical, physical-chemical, and biological analyses
The main physical-chemical and biological characteristics of the composts and peat are shown
in Table 1. Both pH and EC showed significant differences depending on the substrate
(F = 745; p<0.001; F = 236; p<0.001, respectively).
Peat had the lowest pH values whereas, COM-B, COM-C, showed the highest pH values.
Compost COM-A, COM-C had the lowest EC value and COM-D the highest.
The TOC of composts and peat ranged from 273 to 480 g kg-1, with the highest values for
peat followed by COM-A, COM-C, COM-B and COM-D (F = 3118; p<0.001).
As was expected, peat showed the significantly lowest level of values for N, P and K com-
pared with composts. The content of N was in the range 22–28.5 g kg-1for composts, P range
was 3.7–5.6 g kg-1 and K between 16.6–28 g kg-1.
Omics Approaches and Phytophthora Root Rot Control by Composts
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Dehydrogenase activity differed significantly among different composts and peat (F = 139;
p<0.001), composts COM-A and COM-B showing the highest levels and peat the lowest
(Table 1).
The suppressive effect of different growing media
The incidence of Phytophthora root rot symptoms of P. nicotianae on pepper 23 days after
inoculation differed significantly among treatments (F = 10.039; p = 0.001), indicating that
TPEAT treatment (100% peat) was the most conducive growing medium, followed by
TCOM-D and TCOM-C, which only reduced the disease incidence by 13% and 23%, respec-
tively, compared to TPEAT (Fig 1). TCOM-A treatment was the most suppressive organic
Table 1. Physical-chemical and biological properties of composts and peat.
COM-A COM-B COM-C COM-D Peat
pH 8.5 c 8.9d 8.8d 6.2b 5.5a
ECa (mS cm-1) 1.9ab 2.6c 1.8a 3.8d 2.0b
Total organic C (g kg-1) 433d 316b 374c 273a 480e
Total N (g kg-1) 25d 22b 29e 24c 13a
P (g kg-1) 3.7b 4.0c 4.0c 5.6d 0.3a
K (g kg-1) 24d 28e 18c 16.6b 0.6a
Dehydrogenase activity (mg INT g-1) 27.2d 37.0e 9.4c 3.2b 0.32a
aEC, electrical conductivity.
Data are mean of three replicates. For each parameter, data followed by the same letter are not signiﬁcantly different according to Tukey’s post hoc test
(p0.05).
doi:10.1371/journal.pone.0158048.t001
Fig 1. Disease incidence in pepper seedlings artificially inoculated with P. nicotianae.
doi:10.1371/journal.pone.0158048.g001
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medium against P. nicotianae, with a reduction of 60% compared to TPEAT, followed by
TCOM-B, with a reduction of 50% (Fig 1). Pepper plants in non-infested growth media did not
show any symptoms of Phytophthora root rot.
Composition of the organic fractions in the composts and peat
The relative integration values for the five specific organic carbon regions from the composts
and peat are shown in Fig 2A. Significant differences were observed among fractions
(F = 265.22; p<0.05). The fraction 0–45 ppm, corresponding to the aliphatic fraction ascribed
to lipids, waxes, terpenoids, cutins, and suberins, and the fraction 60–110 ppm, corresponding
to the carbohydrate region (polysaccharides, amino acids, amino sugars, lignin substitutes, and
others)(18) showed higher relative abundances than the rest of the fractions, namely 45–
60 ppm (methoxy groups), 110–160 ppm (aromatic C structures), and 160–210 ppm (carboxyl
and ester group) (Fig 2A).
Composts COM-A and COM-B showed lower relative abundances in the aliphatic structure
regions compared to composts COM-C, COM-D and peat (P) (Fig 2A). For carbohydrate
structure region, COM-C showed the lowest relative abundance. Peat showed the highest rela-
tive abundance in both regions (Fig 2A). The relative abundance in the aromatic C structure
region followed the trend: COM-B>COM-D>P>COM-A>COM-C, while for carboxyl and
ester groups it was COM-B>COM-A>COM-C>COM-D>P (Fig 2A). The alkyl/O-alkyl ratio
followed the trend COM-C>P>COM-A = COM-D>COM-B (F = 320; p<0.05) (Fig 2B).
Metabolomes of the different composts and peat
To find differences among the metabolomes of composts and peat, a principal component
analysis (PCA) was applied to construct and validate a statistical model. The two relevant axes
explained 88.6% of the variance (PC1 60.7% and PC2 27.9%) (Fig 3). According to Factor 1,
multivariate analysis showed three different clusters—peat being separated from one cluster
consisting of composts COM-A and COM-B and from another composed of composts
COM-C and COM-D (Fig 3). The heat map generated with the mass of the most frequently
metabolites found across the profiles showed that most of them were found in lower relative
abundance in suppressive composts (Fig 4). Several mass compounds received a high loading
score in Factor 1 and contributed the most to the separation of peat from the composts (175;
97; 247.8; 278.9; 179.9; 216.9; 374.8; 232.9; 330.8; 194.9; 336.9; 352.8; 218.9; 164.9) (Fig 4).
Fig 2. Chemical composition of the composts and peat revealed by 13C NMR. (A) Distribution of organic carbon
functional groups: 0–45 ppm (aliphatic groups); 45–60 ppm (methoxy groups), 60–110 ppm (carbohydrate groups);
110–160 ppm (aromatic C structures), and 160–210 ppm (carboxyl and ester group). (B) Alkyl/O-alkyl ratio values.
doi:10.1371/journal.pone.0158048.g002
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Other mass compounds (184.9; 260.9; 300.9; 238.9; 254.9; 316.9; 262.9; 310.9; 186.9; 278.9;
234.9; 312.9) contributed to the separation of suppressive from conductive composts.
Fungal and bacterial communities of the different composts and peat
Of 1904691 reads, we obtained a total of 679687 reads after quality filtering and chimeras,
508043 from 16S rRNA and 171644 from fungal ITS gene sequences across all samples. The
OTU clustering and taxonomic assignment, performed using these sequences, yielded 25071
and 3600 individual OTUs from 16S rRNA and fungal ITS genes, respectively.
Fungal community composition. The classified sequences for the composts and peat
were affiliated to three fungal phyla. The most abundant phylum was Ascomycota, accounting
for 54% of all sequence reads, followed by Basidiomycota (2.34%) and Zygomycota (0.06%).
The percentage of sequences classified as other fungi was 6.8%, whereas 36.57% was assigned
Fig 3. Principal component analysis according to the metabolome obtained from the composts COM-A (green balls), COM-B (pink balls),
COM-C (red balls), COM-D (yellow balls), and peat (blue balls), n = 6.
doi:10.1371/journal.pone.0158048.g003
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Fig 4. A heat map illustrating the 54metabolites that differ among the composts and peat. Colors indicate relative quantity of each
metabolite.
doi:10.1371/journal.pone.0158048.g004
Omics Approaches and Phytophthora Root Rot Control by Composts
PLOS ONE | DOI:10.1371/journal.pone.0158048 August 4, 2016 9 / 19
to unidentified fungi. Examination of the taxonomic structure at the order level (Fig 5) showed
that, within the phylum Ascomycota, the most abundant orders were Sordariales, Hypocreales,
and Microascales. Composts COM-A and COM-B showed higher relative abundances of Asco-
mycota (63.14 and 67.38%, respectively), in particular, COM-A had the highest relative abun-
dance of Sordariales and COM-B the highest abundance of Hypocreales (Fig 5). On the other
hand, compost COM-C showed a high abundance of Saccharomycetales and compost COM-D
of Microascales, while these orders were almost inexistent in peat (Fig 5). Peat showed a high
relative abundance of Ascomycota, followed by Basidiomycota (Fig 5). Fungal diversity was
observed to be between 2.38–3.75 in composts and 2.64 in peat.
At the genus level, the most abundant classified genera (>1%) for each compost and peat
are shown in Table 2. The genera with the highest relative abundances in the composts were
Zopfiella, Fusarium,Haematonectria, Galactomyces, Doratomyces, Geomyces, Coprinellus, and
Thermomyces.
Bacterial community composition. The classified sequences were affiliated with 19 bacte-
rial phyla, and the remaining ones were unassigned. The dominant phyla, found in all com-
posts and peat, were the Proteobacteria (39.89% of total sequence reads), Actinobacteria
(30.53%), Bacteroidetes (12.97%), Chloroflexi (6.25%), and—to a lesser extent—Firmicutes
(4.87%), Gemmatimonadetes (1.97%), Acidobacteria (1.07%), and TM7 and TM6 (<0.41%).
Composts COM-A showed higher relative abundance of Proteobacteria, mainly due to the
high abundance of Alphaproteobacteria and Gammaproteobacteria, as well as the lower abun-
dance of Actinobacteria; while COM-B showed higher relative abundance of Chloroflexi (Fig
6). Higher relative abundance of Bacteriodetes were found in compost COM-A and COM-B
compared to the rest of compost as was found for Gemmatinomidetes in compost COM-D
(Fig 6). Bacterial diversity was observed to be between 6.40–6.70 in composts and 5.5 in peat.
The most abundant classified genera (>1%) for each compost and peat are shown in
Table 3. The most frequent genera include:Microbacterium,Mycobacterium, Streptomyces,
Devosia, and Rhodoplanes.
Fig 5. Relative abundances of the fungal orders identified in the composts and peat.
doi:10.1371/journal.pone.0158048.g005
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Discussion
It is essential to understand the community composition of the compost microbiota, not only to
gain a better understand of its biology, but also to determine the microorganisms that may be
involved in compost suppressiveness. To our knowledge, this is the first study that has used
metagenomics methods to characterize the microbiota involved in the control of P. nicotianae.
We found large numbers of sequences for Proteobacteria, Bacteriodetes and Ascomycota in sup-
pressive composts compared to the other composts and peat. Specifically, the Ascomycota phy-
lum was negatively correlated (r = -0.953; p = 0.012) with Phytophthora root rot incidence. In
previous studies, fungal populations have been reported as the main contributors to the biologi-
cal suppressiveness of compost [12]. These populations become predominant during the com-
posting maturation phase while bacteria populations decrease due to the reduction of substrate
quality [33,34]. Moreover, the incorporation of vineyard pruning wastes at different rates into
our composts (38–75%) may have led to the development of fungi associated with hardwood
compost, as was previously reported by Neher et al. [19]. Within Ascomycota phylum, Sordar-
iales and Hypocreales were identified as the most abundant taxa associated with the suppressive
composts, COM-A and COM-B, respectively. One of the most abundant genera in COM-B was
Fusarium. This genera includes non-pathogenic isolates of F. oxysporum identified previously as
biocontrol agents [35]. On the other hand, in the case of compost COM-A, one of the most
abundant genera was Zopfiella, which has been reported to produce metabolites active against
several species such as Botrytis cinerea, Phytophthora infestans, or Pythium ultimum [36,37].
Although in a much lower relative abundance, both Fusarium and Zopfiella were found on com-
post COM-C, which could explain its lower capability to suppress Phytophthora root rot in
comparison to peat. By contrast, compost COM-D showed a very low relative abundance of
these fungi, while Pseudallescheria was the most represented genus. Within this genus, P. boydii
is the most well-known species, since it is a fungal human pathogen that is widespread in soils
and produces a fungistatic substance strongly inhibitory to phytopathogens [38].
Table 2. Most abundant fungal genera identified (>1% relative abundance) in the composts and peat.
Phylum Genus COM-A COM-B COM-C COM-D Peat
Ascomycota Aspergillus 0.02 0.01 1.12 0.73 0.00
Ascomycota Candida 0.00 0.00 0.23 0.01 2.72
Ascomycota Cephalotheca 0.00 0.00 0.00 0.76 1.50
Ascomycota Chaetomium 0.28 0.44 1.58 0.03 0.00
Ascomycota Doratomyces 1.29 0.09 0.16 2.64 0.02
Ascomycota Fusarium 4.40 20.2 3.32 0.30 0.00
Ascomycota Galactomyces 0.75 0.24 12.81 0.00 0.00
Ascomycota Geomyces 0.00 0.00 0.00 0.03 8.64
Ascomycota Haematonectria 1.68 9.12 0.44 0.05 0.00
Ascomycota Hypocrea 0.00 0.00 0.02 0.02 1.83
Ascomycota Penicillium 0.01 0.01 0.02 0.54 2.16
Ascomycota Pichia 0.00 0.01 3.37 0.00 0.00
Ascomycota Pseudallescheria 0.00 0.00 0.18 9.87 0.00
Ascomycota Scedosporium 0.06 2.42 1.35 0.71 0.00
Ascomycota Scytalidium 0.00 0.00 1.88 2.30 0.00
Ascomycota Thermomyces 0.08 0.01 4.38 1.10 0.00
Ascomycota Zopﬁella 14.7 0.16 8.87 0.01 0.06
Basidiomycota Coprinellus 0.01 5.41 1.97 0.00 0.00
Basidiomycota Myriococcum 0.09 0.00 2.22 2.62 0.00
doi:10.1371/journal.pone.0158048.t002
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Fig 6. Relative abundances of the bacterial phyla and sub-phyla identified in the composts and peat.
doi:10.1371/journal.pone.0158048.g006
Table 3. Most abundant bacteria genera identified (>1% relative abundance) in the composts and peat.
Class Order Family Genus COM-A COM-B COM-C COM-D PEAT
Actinobacteria Actinomycetales Microbacteriaceae Agrococcus 1.10 1.08 0.23 0.20 0.00
Actinobacteria Actinomycetales Microbacteriaceae Microbacterium 3.81 2.72 2.23 0.15 0.03
Actinobacteria Actinomycetales Mycobacteriaceae Mycobacterium 0.53 0.51 0.40 0.48 2.86
Actinobacteria Actinomycetales Streptomycetaceae Streptomyces 3.63 5.11 2.23 2.72 6.38
Actinobacteria Actinomycetales Streptosporangiaceae Nonomuraea 0.05 0.27 1.15 3.02 0.01
Actinobacteria Actinomycetales Thermomonosporaceae Actinomadura 0.06 0.38 0.93 1.70 0.84
Flavobacteriia Flavobacteriales Flavobacteriaceae Arenibacter 0.00 0.11 0.00 1.75 0.00
Sphingobacteriia Sphingobacteriales Sphingobacteriaceae Olivibacter 1.17 0.13 0.00 0.00 0.00
Sphingobacteriia Sphingobacteriales Sphingobacteriaceae Sphingobacterium 1.05 0.11 0.02 0.00 0.00
Bacilli Bacillales Bacillaceae Bacillus 1.87 0.58 1.45 0.56 0.00
Bacilli Bacillales Planococcaceae Ureibacillus 1.62 0.20 0.84 0.74 0.00
Alphaproteobacteria Rhizobiales Hyphomicrobiaceae Devosia 4.43 0.63 0.62 2.28 1.04
Alphaproteobacteria Rhizobiales Hyphomicrobiaceae Hyphomicrobium 1.19 0.41 1.20 1.75 0.04
Alphaproteobacteria Rhizobiales Hyphomicrobiaceae Pedomicrobium 1.86 1.25 0.92 0.90 0.02
Alphaproteobacteria Rhizobiales Hyphomicrobiaceae Rhodoplanes 2.51 1.97 1.66 4.16 5.83
Alphaproteobacteria Rhizobiales Phyllobacteriaceae Mesorhizobium 2.30 1.19 0.32 2.17 0.62
Alphaproteobacteria Rhizobiales Rhizobiaceae Agrobacterium 1.74 0.07 0.01 0.03 0.02
Gammaproteobacteria Xanthomonadales Xanthomonadaceae Dokdonella 0.10 0.03 0.04 0.21 2.52
Gammaproteobacteria Xanthomonadales Xanthomonadaceae Luteimonas 1.94 0.44 0.19 0.04 0.00
doi:10.1371/journal.pone.0158048.t003
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The fungal community of peat was characterized by the presence of Geomyces, a genus of fil-
amentous fungi in the family Myxotrichaceae, known to be phychrophilic and often the most
common fungal group found in cold and low-nutrient environments [39]. Relatively high
abundances of Penicillium andHypocrea were also observed in peat. In spite of the presence of
these latter microbes which have been shown to control soil-borne plant pathogens [40,41],
peat was conducive to Phytophthora root rot. Similar results have been reported before, the
presence of these microorganisms being related to non-suppressive soils [42].
The most suppressive composts (COM-A and COM-B) contained greater relative abun-
dance of Bacteriodetes in comparison with the rest of composts. Indeed, COM-A showed up to
double the relative abundance of Proteobacteria (mainly due to Alpha and Gammaproteobac-
teria) and COM-B showed up to 1.5-times the relative abundance of Chloroflexi, compared to
the rest of composts. Conducive composts, COM-C and COM-D, contained relatively more
Actinobacteria and Gemmatimonadetes, respectively. Although the positive impact of Actino-
bacteria on plant disease suppression has been well documented due to their ability to produce
a wide array of antibiotics [43], in a recent review of Bonanomi et al. [11], it was concluded
that Actinobacteria were only directly correlated with disease suppression in a limited number
of experimental cases. Although the presence of some bacteria (Gamma-proteobacteria, Firmi-
cutes, and Actinobacteria) has been used as an indicator of disease suppression [42], no posi-
tive correlations were found among Phytophthora root rot control and bacteria populations in
the present study.
The metagenomics analysis showed that compost microbial communities are vast and
diverse, maintaining a high degree of uniqueness according to the nature of compost. It is not
surprising that compost microbiota was highly affected by the chemical heterogeneity of the
substrates. The concentration and availability of nutrients within organic matter play a critical
role in regulating and maintaining microbial populations. During the composting process,
once the less recalcitrant components (for example, oligosaccharides, organic acids, hemicellu-
lose and cellulose) are rapidly degraded by the microbial activity, the remaining highly recalci-
trant compounds (for example, lignin or the cellulose encrusted in lignin) promote the
presence of microorganisms which are able to degrade them [34,44,45]. In this respect, the
higher amount of vineyard pruning wastes used in compost COM-A and COM-B (75 and
67%, respectively), may have promoted high microbial activity as was demonstrated by the
high levels of dehydrogenase activity. This microbial parameter has been widely used as an
indicator of overall soil microbial activity [46–48]. Higher OM level, in fact, can provide
enough substrate to support higher microbial biomass and as a consequence higher enzyme
production [49]. Hoitink et al. [50] proposed that the concentration of cellulose and lignin in
composted manure define the longevity of suppressive effect. The high levels of recalcitrant
compounds of vineyard pruning waste may favor the proliferation of microorganisms with the
ability to degrade the plant cell wall through a set of synergistically enzymes [42]. As a result,
soluble compounds may be released and used by other microorganisms inducing shifts in the
composition of a large microbial community, leading to a “general suppression phenomenon”
[8,13,51]. Phytophthora spp. is often considered highly sensitive to microbial competition since
it depends on exogenous carbon sources for spore germination to infect host plants [10,52]. As
a matter of fact, in previous studies a direct relationship between compost microbial activity
and suppression of Pythium and Phytophthora root rots has been reported [7,50]. Moreover, it
has been shown the quality of OM somehow affects the permanence of suppressive effects
[13,50,53].
To understand in detail the chemical characteristics of the composts used in the present
study and the influence in their suppressive capabilities, 13C-CPMAS-NMR spectroscopy was
used to analyze their organic matter fractions [15,29]. Boehm et al. [54], using this technique,
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demonstrated that peat suppressiveness to P. ultimum decreases because of the progressive
depletion of carbohydrates and easily degradable organic compounds. Conversely, our study
observed a positive correlation (r = 0.519; p<0.05) between relative abundance of carbohy-
drates (60–110 ppm fraction) and Phytophthora root rot incidence. As proposed by Castaño
et al. [29], high content of lignin-like structures (e.g. in compost COM-A and COM-B) may
mask values in the carbohydrates region, hindering a possible positive correlation between rela-
tive abundance of this region and a possible suppressive effect. These results suggest that not
only the content but also the bio-availability of cellulose play an important role regarding
organic matter suppressiveness [29]. Thus, the bio-availability of carbohydrates should be con-
sidered crucial for suppression of Phytophthora spp., as has been previously considered for
other pathogens such as Pythium spp. [13] and Rhizoctonia solani [55].
Peat and compost COM-D treatments showed the highest disease incidence and the lowest
microbial activity, but surprisingly, also showed the highest levels of 60–110 ppm profile.
These controversial results may be explained assuming that in peat and COM-D the cellulose
is enclosed in lignin and is not available for microorganisms; as a consequence these media are
not capable of sustaining high microbial activity. Furthermore, some of these carbohydrates
may be released upon the death of microbes [29]. This is in concordance with the high levels of
Alkyl-O-alkyl ratio found in peat, which could be interpreted as the result of a progressive deg-
radation of carbohydrates. We used this ratio as an index of humification and stabilization of
the organic matter as suggested by other authors [44]. Also, peat is characterized by a low bac-
terial diversity in comparison with composts. In spite of the high content (40–42% of lignin) of
compounds recalcitrant to biodegradation in peat, the low amount or absence of microorgan-
isms which are able to degrade these complex compounds, could lead to an environment not
conducive to the microbial activity associated with soil suppressiveness.
Along with peat, COM-C presented the highest levels of Alkyl-O-alkyl ratio, which could be
explained by the low levels of polysaccharides found in this compost. Its composition was
based on lower content of vineyard pruning waste (38%) and high sludge content (20%).
According to Tittarelli et al. [56], the sludge produces a high mineralisation rate during com-
posting as the result of incorporating a high amount of easily-mineralisable carbon and mineral
components. COM-C is an excessively stabilized compost, which is unable to sustain a high
microbial activity (as indicated by the low dehydrogenase activity levels) and therefore, it is
characterized by a low ability to supress disease.
In contrast with Lopez-Gonzalez et al. [34], we believe that it is useful to determine the iden-
tity of microorganisms in different composts, if their presence is involved in the suppressive
capability of a compost. In the present study, in spite of the differences found in compost
microbial composition, we found a correlation between suppressiveness to Phytophthora root
rot and the level of microbial activity, whereas we did not find any correlation between disease
suppressiveness and a single microbial taxon. By contrast, in a recent study, Yu et al. [22] sug-
gested a potential role of the bacteria Acidobacteria Gp14 and Cystobasidiomycetes fungi in
the suppression of Pythium wilt disease. Microbial diversity (Shannon diversity) did not corre-
late with disease suppression, although higher levels of bacterial diversity were observed in
COM-A and COM-B.
Metagenomics has proved to be a powerful approach to explore microbial communities in
composts. However, due to the inability of DNA-based molecular techniques to provide infor-
mation of the gene expression (functionality) as it occurs under in situ conditions [57], the use
of postgenomic approaches such as metametabolomics has been suggested [58]. However,
there are few metabolic studies on soils [59–62] and, to our knowledge, this is the first one on
composts. Metabolomics attempts to capture the complexity of metabolic networks via the
comprehensive characterization of the small-molecule metabolites (e.g. amino acids, sugars,
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and lipids) in biological systems [24]. Thanks to its sensitivity, this approach has a high poten-
tial to elucidate changes in the levels of soil metabolites. PCA demonstrated that the extracts
from the composts and peat clustered in a manner that was correlated with their ability to sup-
press Phytophthora root rot. Similarly, Rochford et al. [60] observed that growth inhibition
against Bacillus subtilis of different soil extracts was strongly correlated with their metabolic
profile. Metabolite composition is governed by the extant microbial communities in the sub-
strate and it is well-known that pathogen inhibition may be mediated by the secretion of antibi-
otics or antimicrobial compounds [63,64]. For instance, over two-thirds of all natural
antibiotics are derived from Streptomyces spp. [63]. Some species within this genus can produce
antifungal compounds such as tuberdicidin, phosphalactomycin, and candicidin [65–67]. Also,
the antibiotics zwittermicin A and kanosamine produced by the biological control agent Bacil-
lus cereus UW85 is active against Phytophthora spp. [68,69]. It is important to underline that
some bacterial strains, which are not biological control agents by themselves, can act synergi-
cally as part of microbial consortia [70].
The metabolic approach employed here was based on water extraction followed by data
acquisition by liquid chromatrography-mass spectrophotometry-HPLC-MS; although it
proved to be very effective in highlighting the diversity of compost microbiome, results cannot
be directly compared with previous studies, where different extraction methods were used
[60,71]. Results we obtained are to be considered preliminary and the involvement of metabo-
lites in the ability of composts to suppress P. nicotianae deserves further investigation.
It is important to note that compost contributes to disease suppression in a complex manner
which makes it difficult to establish direct correlation among the analyzed parameters and sup-
pressiveness. Nevertheless, future research can build on the results present here to determine
which materials are the best to achieve the desired goals of disease suppression.
Conclusions
Although all composts contained abundant and diverse microbial communities, not all of them
were able to control Phytophthora root rot of pepper plants to the same extent. These differ-
ences seem to be related to the different composition of microbiome, which in turn was corre-
lated with the nature of materials used. The most suppressive composts, COM-A and COM-B,
were made of a relatively higher amount of vineyard pruning waste and showed a higher level
of total microbial activity. It can be hypothesized that the suppressiveness against P. nicotianae
may be driven by the availability of carbohydrates derived from the original materials and their
ability to sustain a high microbial activity. The relative abundance of the Ascomycota phylum,
mainly of the orders Sordariales and Hypocreales, was correlated with the compost suppres-
siveness; while in the case of bacterial populations, no correlations were found with suppres-
siveness. The metametabolic analysis of composts and peat demonstrated the relevance of
metabolites in the ability of composts to control P. nicotianae. The conjugation of different
techniques, including omics approaches (metagenomics and metametabolomics), to character-
ize composts, proved its usefulness in clarifying the complex structure of microbial communi-
ties in composts and its role in suppressiveness.
Author Contributions
Conceived and designed the experiments:MR JP JB.
Performed the experiments: JB FM.
Analyzed the data:MR FM JB.
Omics Approaches and Phytophthora Root Rot Control by Composts
PLOS ONE | DOI:10.1371/journal.pone.0158048 August 4, 2016 15 / 19
Contributed reagents/materials/analysis tools:MR JP.
Wrote the paper:MR JB.
References
1. Erwin DC, Ribeiro OK. Phytophthora capsici. In: Erwin DC, Ribeiro OK, editors. PhytophthoraDiseases
Worldwide. American Phytopathology Society Press. 1986; pp. 391–407.
2. Cline E, Farr D, Rossman A. A synopsis of Phytophthora with accurate scientific names, host range,
and geographic distribution. Plant Heal Prog. 2008; 1996. doi: 10.1094/PHP-2008-0318-01-RS
3. Andrés JL, Rivera A, Fernández J. Phytophthora nicotianae pathogenic to pepper in northwest Spain. J
Plant Pathol. 2003; 85(2):91–98.
4. Blaya J, Lacasa C, Lacasa A, Martinez V, Santisima-Trinidad AB, Pascual JA, et al. Characterization of
Phytophthora nicotianae isolates in southeast Spain and their detection and quantification through a
real-time TaqMan PCR. J Sci Food Agric. 2015; 95(6):1243–1251. doi: 10.1002/jsfa.6813 PMID:
25043929
5. Darine T, Allagui MB, Rouaissi M, Boudabbous A. Pathogenicity and RAPD analysis of Phytophthora
nicotianae pathogenic to pepper in Tunisia. Physiol Mol Plan Pathol 2007; 70:142–148.
6. Morales-Rodriguez C, Palo C, Palo E, Rodriguez-Molina C. Control of Phytophthora nicotianaewith
mefenoxam, fresh brassica tissues, and brassica pellets. Plant Dis 2014; 18(1):77–83.
7. Blaya J, Lloret E, Ros M, Pascual JA. Identification of predictor parameters to determine agro-industrial
compost suppressiveness against Fusarium oxysporum and Phytophthora capsici diseases in musk-
melon and pepper seedlings. J Sci Food Agric. 2015; 95(7):1482–1490 doi: 10.1002/jsfa.6847 PMID:
25074864
8. Ntougias S, Papadopoulou KK, Zervakis GI, Kavroulakis N, Ehaliotis C. Suppression of soil-borne path-
ogens of tomato by composts derived from agro-industrial wastes abundant in Mediterranean regions.
Biol Fertil Soils. 2008; 44(8):1081–1090.
9. Lopez-Mondejar R, Bernal-Vicente A, Ros M, Tittarelli F, Canali S, Intrigiolo F, et al. Utilisation of citrus
compost-based growing media amended with Trichoderma harzianum T-78 in Cucumis melo L. seed-
ling production. Bioresour Technol. 2010; 101(10):3718–3723. doi: 10.1016/j.biortech.2009.12.102
PMID: 20096572
10. Avilés M, Borrero C, Trillas M. Review on compost as an inducer of disease suppression in plants
grown in soilless culture. Dynamic Soil, Dynamic Plant. 2011;1–11.
11. Bonanomi G, Antignani V, Capodilupo M, Scala F. Identifying the characteristics of organic soil amend-
ments that suppress soilborne plant diseases. Soil Biol Biochem. 2010; 42(2):136–144.
12. Hardy GESJ, Sivasithamparam K. Antagonism of fungi and actinomycetes isolated from composted
eucalyptus bark to Phytophthora drechsleri in a steamed and non-steamed composted eucalyptus
bark-amended container medium. Soil Biol Biochem. 1995; 27(2):243–246.
13. Hoitink H, BoehmM. Biocontrol within the context of soil microbial communities: A substrate-dependent
phenomenon. Annu Rev Phytopathol. 1999; 37:427–446. PMID: 11701830
14. Forte C, Piazzi A, Pizzanelli S, Certini G. CP MAS 13C spectral editing and relative quantitation of a soil
sample. Solid State Nucl Magn Reson. 2006; 30(2):81–88. PMID: 16679007
15. Pane C, Spaccini R, Piccolo A, Scala F, Bonanomi G, Pane et al. 2011 Compost amendments enhance
peat suppressiveness. Biol Control. 2011; 56:115–124.
16. Tiquia SM. Microbial community dynamics in manure composts based on 16S and 18S rDNA T-RFLP
profiles. Environ Technol. 2005; 26(10):1101–1113. PMID: 16342533
17. Danon M, Franke-Whittle IH, Insam H, Chen Y, Hadar Y. Molecular analysis of bacterial community
succession during prolonged compost curing. FEMSMicrobiol Ecol. 2008; 65(1):133–144. doi: 10.
1111/j.1574-6941.2008.00506.x PMID: 18537836
18. Klammer S, Knapp B, InsamH, Dell’Abate MT, RosM. Bacterial community patterns and thermal analy-
ses of composts of various origins. Waste Manag Res. 2008; 26(2):173–187. PMID: 18578156
19. Neher D A, Weicht TR, Bates ST, Leff JW, Fierer N. Changes in bacterial and fungal communities
across compost recipes, preparation methods, and composting times. PLoS One. 2013; 8(11):e79512.
doi: 10.1371/journal.pone.0079512 PMID: 24278144
20. De Gannes V, Eudoxie G, HickeyWJ. Insights into fungal communities in composts revealed by 454-
pyrosequencing: Implications for human health and safety. Front Microbiol. 2013. doi: 10.3389/fmicb.
2013.00164
Omics Approaches and Phytophthora Root Rot Control by Composts
PLOS ONE | DOI:10.1371/journal.pone.0158048 August 4, 2016 16 / 19
21. De Gannes V, Eudoxie G, HickeyWJ. Prokaryotic successions and diversity in composts as revealed
by 454-pyrosequencing. Bioresour Technol. 2013; 133:573–580. doi: 10.1016/j.biortech.2013.01.138
PMID: 23475177
22. Yu D, Sinkkonen A, Hui N, Kurola J., Kukkonen S, Parikka P, et al. Molecular profile of microbiota of
Finnish comercial compost suppressive againt Pythium disease on cucumber. Appl Soil Ecol. 2015;
92:47–53.
23. Bino RJ, Hall RD, Fiehn O, Kopka J, Saito K, Draper J, et al. Potential of metabolomics as a functional
genomics tool. Trends Plant Sci. 2004; 9:418–425. PMID: 15337491
24. Vaidyanathan S. Profiling microbial metabolomes: what do we stand to gain? Metabolomics. 2005; 1
(1):17–28.
25. Jones OAH, Maguire ML, Griffin JL, Dias DA, Spurgeon DJ, Svendsen C. Metabolomics and its use in
ecology. Austral Ecol. 2013; 38(6):713–720.
26. Hernandez-Soriano MC, Jimenez-Lopez JC. Metabolomics for soil contamination assessment. In: Her-
nandez-Soriano MC, editor. Environmental risk assessment of soil contamination. In Tech-Open
Access; 2014.; doi: 10.5772/58294
27. Garcia C, Hernandez T, Costa F, Ceeanti B, Mascaiandaro G. Dehydrogenase activity of soil as an
ecological marker in processes of perturbed system regeneration. In: Lancho G, editor. Proceedings of
the XI International Symposium of environmental Biogeochemistry, Spain. 1993; pp. 89–100.
28. Wilson MA. NMR Techniques and applications in geochemistry and soil chemistry. Oxford: Pergamon
Press; 2008.
29. Castaño R, Borrero C, Avilés M. Organic matter fractions by SP-MAS 13C NMR and microbial commu-
nities involved in the suppression of Fusarium wilt in organic growth media. Biol Control. 2011; 58
(3):286–293.
30. Sundquist A, Bigdeli S, Jalili R, Druzin ML, Waller S, Pullen KM, et al. Bacterial flora-typing with tar-
geted, chip-based Pyrosequencing. BMCMicrobiol. 2007; 7(1):108.
31. Wang Y, Qian PY. Conservative fragments in bacterial 16S rRNA genes and primer design for 16S ribo-
somal DNA amplicons in metagenomic studies. PLoS One. 2009; 4(10).
32. White TJ, Bruns TD, Lee S, Taylor J. Amplification and direct sequencing of fungal ribosomal RNA
genes for phylogenetics. In: Innis MA, Gelfauld DH, Sninsky JJ, White TJ, editors. PCR Protocols: A
guide to methods and applications. San Diego: Academic Press; 1990. pp. 315–322.
33. Insam H, de Bertoldi M. Microbiology of the composting process. Compost science and technology.
Waste Manag Ser. 2007; 8:25–48.
34. López-González J A, Suárez-Estrella F, Vargas-García MC, López MJ, Jurado MM, Moreno J. Dynam-
ics of bacterial microbiota during lignocellulosic waste composting: Studies upon its structure, function-
ality and biodiversity. Bioresour Technol. 2015; 175:406–416. doi: 10.1016/j.biortech.2014.10.123
PMID: 25459849
35. Kim HY, Choi GJ, Lee HB, Lee SW, Lim HK, Jang KS, et al. Some fungal endophytes from vegetable
crops and their anti-oomycete activities against tomato late blight. Lett Appl Microbiol. 2007; 44(3):332–
337. PMID: 17309513
36. Futagawa M, Wedge DE, Dayan FE. Physiological factors influencing the antifungal activity of zopfiel-
lin. Pestic Biochem Physiol. 2002; 73(2):87–93.
37. Musso L, Dallavalle S, Farina G, Burrone E. Natural products as sources of new fungicides: synthesis
and antifungal activity of zopfiellin analogues. Chem Biol Drug Des. 2012; 79(5):780–789. doi: 10.1111/
j.1747-0285.2012.01343.x PMID: 22284723
38. Nelson E, Kuter G, Hoitink H. Effects of fungal antagonists and compost age on suppression on Rhizoc-
tonia damping-off in container media amended with composted hardwood bark. Phytopathology. 1983;
73(10):1457–1462.
39. Hayes MA. The Geomyces Fungi: Ecology and Distribution. Bioscience. 2012; 62(9):819–23.
40. Woo SL, Ruocco M, Vinale F, Nigro M, Marra R, Lombardi N, et al. Trichoderma-based products and
their widespread use in agriculture. Open Mycol J. 2014; 8(M4):71–126.
41. Penton CR, Gupta VVSR, Tiedje JM, Neate SM, Ophel-Keller K, Gillings M, et al. Fungal community
structure in disease suppressive soils assessed by 28S LSU gene sequencing. PLoS One. 2014; 9(4).
42. Hadar Y, Papadopoulou KK. Suppressive composts: Microbial ecology links between abiotic environ-
ments and healthy plants. Annu Rev Phytopathol. 2012; 50(1):133–153.
43. Cuesta G, Garcia-de-la-Fuente R, Abad M. Fornes F. Isolation and identification of actinomycetes from
a compost-amended soil with potential as biocontrol agents. J Environ Manag. 2012; 95:S280–284.
44. Almendros G, Dorado J, Gonzalez-Vila FJ, Blanco MJ, Lankes U. 13C NMR assessment of decomposi-
tion patterns during composting of forest and shrub biomass. Soil Biol Biochem. 2000; 32(6):793–804.
Omics Approaches and Phytophthora Root Rot Control by Composts
PLOS ONE | DOI:10.1371/journal.pone.0158048 August 4, 2016 17 / 19
45. Voříšková J, Baldrian P. Fungal community on decomposition leaf litter undergoes rapid successional
changes. ISME J. 2013; 7:477–486. doi: 10.1038/ismej.2012.116 PMID: 23051693
46. Quilchano C, Marañón T. Dehydrogenase activity in Mediterranean forest soils. Biol Fertil Soils. 2002;
35(2):102–107.
47. Gu Y, Wang P, Kong CH. Urease, invertase, dehydrogenase and polyphenoloxidase activities in paddy
soil influenced by allelopathic rice variety. Eur J Soil Biol. 2009; 45(5–6):436–441.
48. Salazar S, Sánchez LE, Alvarez J, Valverde A, Galindo P, Igual JM, et al. Correlation among soil
enzyme activities under different forest systemmanagement practices. Ecol Eng. 2011; 37(8):1123–
1231.
49. Yuan BC, Yue DX. Soil microbial and enzymatic activities across a chronosequence of chinese pine
plantation development on the loess plateau of China. Pedosphere. 2012; 22(1):1–12.
50. Hoitink H, Stone A, Han D. Suppression of plant diseases by compost. HortScience. 1997;184–187.
51. ChenW, Hoitink HAJ, Madden LV. Microbial activity and biomass in container media for predicting sup-
pressiveness to damping-off caused by Pythium ultimum. Phytopathology. 1988; 78(11):1447–1450.
52. You MP, Sivasithamparam K. Changes in microbial populations of an avocado plantation mulch sup-
pressive of Phytophthora cinnamomi. Appl Soil Ecol. 1995; 2(1):33–43.
53. Borrero C, Trillas MI, Ordovás J, Tello JC, Avilés M. Predictive factors for the suppression of fusarium
wilt of tomato in plant growth media. Phytopathology. 2004; 94(10):1094–1101. doi: 10.1094/PHYTO.
2004.94.10.1094 PMID: 18943798
54. BoehmMJ, Wu T, Stone a G, Kraakman B, Iannotti D A, Wilson GE, et al. Cross-polarized magic-angle
spinning 13C nuclear magnetic resonance spectroscopic characterization of soil organic matter relative
to culturable bacterial species composition and sustained biological control of Pythium root rot. Appl
Environ Microbiol. 1997; 63(1):162–168. PMID: 16535481
55. Tuitert G, Szczech M, Bollen GJ. Suppression of Rhizoctonia solani in potting mixtures amended with
compost made from organic household waste. Phytopathology. 1998; 88(8):764–773. doi: 10.1094/
PHYTO.1998.88.8.764 PMID: 18944881
56. Tittarelli F, Trinchera A, Intrigliolo F, Beneditti A. Evaluation of organic matter stability during the com-
posting process of agro-industrial waste. In: Insam H, Riddech N, Klammer S, editors. Microbiology of
composting. Berlin: Springer; 2002. pp. 397–407.
57. Wilmes P, Bond PL. Metaproteomics: Studying functional gene expression in microbial ecosystems.
Trends in Microbiology. 2006; 92–97. PMID: 16406790
58. Rastogi G, Sani RK. Molecular techniques to assess microbial community structure, function, and
dynamics in the environment. In: Ahmad I, Ahmad F, Pichtel J, editors. Microbes and microbial technol-
ogy: Agricultural and Environmental Applications. Berlin: Springer; 2011. pp. 29–57.
59. Jones OAH, Sdepanian S, Lofts S, Svendsen C, Spurgeon DJ, Maguire ML, et al. Metabolomic analysis
of soil communities can be used for pollution assessment. Environ Toxicol Chem. 2014; 33(1):61–64.
doi: 10.1002/etc.2418 PMID: 24122881
60. Rochfort S, Ezernieks V, Mele P, Kitching M. NMRmetabolomics for soil analysis provide complemen-
tary, orthogonal data to MIR and traditional soil chemistry approaches—a land use study. Magn Reson
Chem.2015; 53(9):719–725. doi: 10.1002/mrc.4187 PMID: 25640917
61. Swenson TL, Jenkins S, Bowen BP, Northen TR. Untargeted soil metabolomics methods for analysis
of extractable organic matter. Soil Biol Biochem. 2015; 80:189–198.
62. Warren CR. Comparison of methods for extraction of organic N monomers from soil microbial biomass.
Soil Biol Biochem. 2015; 81:67–76.
63. Reuben S, Bhinu VS, Swarup S, Soil Biology. Secondary metabolites in soil ecology. In: Karlovsky P,
editor. Secondary metabolites in soil ecology. Springer Science and Business media, 2008. pp. 1–21.
64. Bérdy J. Bioactive microbial metabolites. J Antibiot. 2005; 58(1):1–26.76. PMID: 15813176
65. Hwang BK, Ahn SJ, Moon SS. Production, purification, and antifungal activity of the antibiotic nucleo-
side, tubercidin, produced by Streptomyces violaceoniger. Can J Bot Can Bot. 1994; 72:480–485.
66. Shekhar N, Bhattacharya D, Kumar D, Gupta RK. Biocontrol of wood-rotting fungi with Streptomyces
violaceusniger XL-2. Can J Microbiol. 2006; 52:805–808. PMID: 17110971
67. Fushimi S, Nishikawa S, Shimazu A, Seto H, Studies on new phosphate ester antifungal antibiotics
phoslactomycine I: taxonomy, fermentation, purification and biological activities. J Antibio. 1989;
42:1019–1025.
68. Milner JL, Silo-Suh L, Lee JC, Haiyin HE, Clardy J, Handelsman JO. Production of kanosamine by
Bacillus cereusUW85. Appl Environ Microbiol. 1996; 62(8):3061–3065. PMID: 8702302
Omics Approaches and Phytophthora Root Rot Control by Composts
PLOS ONE | DOI:10.1371/journal.pone.0158048 August 4, 2016 18 / 19
69. Silosuh LA, Lethbridge BJ, Raffel SJ, He HY, Clardy J, Handelsman J. Biological activities of two fungi-
static antibiotics produced by Bacillus cereusUW8. Appl Environ Microbiol. 1994; 60(6):2023–2030.
PMID: 8031096
70. Garbeva P, Van Veen JA, Van Elsas JD. Microbial diversity in soil: Selection of microbial populations
by plant and soil type and implications for disease suppressiveness. Annu Rev Phytopathol. 2004;
42:243–270. PMID: 15283667
71. Lin CY, Wu H, Tjeerdema RS, Viant MR. Evaluation of metabolite extraction strategies from tissue sam-
ples using NMRmetabolomics. Metabolomics. 2007; 3(1):55–67.
Omics Approaches and Phytophthora Root Rot Control by Composts
PLOS ONE | DOI:10.1371/journal.pone.0158048 August 4, 2016 19 / 19
